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Simulated PK-PD StudyMETHODS Simulated PK-PD StudyMETHODS 
PK d PD d t i l t d i th TMDD d lPK and PD data were simulated using the TMDD model;

TMDD equations and its quasi steady state (QSS) approximation were used to
PK and PD data were simulated using the TMDD model; 

TMDD equations and its quasi-steady-state (QSS) approximation were used to 
Th QSS i ti bl t th t d l t dderi e the IRM eq ations for total target concentrations The QSS approximation was able to recover the true model parameters andderive the IRM equations for total target concentrations. The QSS approximation was able to recover the true model parameters and 
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The simulated dataset included rich data from two studies. Study 1 included 4 
The indirect response PK PD model (that used the individual predictions ofcohorts of six subjects administered single 100 nmol IV 300 nmol SC 1000 The indirect-response PK-PD model (that used the individual predictions of cohorts of six subjects administered single 100 nmol IV, 300 nmol SC, 1000 p ( p
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the total and free target concentrations (Figure 1)
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PK parameters of the simulation model were typical of monoclonalPK parameters of the simulation model were typical of monoclonal 
Figure 1: Free and Total Target Concentrations Predicted using Indirectantibodies Figure 1: Free and Total Target Concentrations Predicted using Indirect antibodies. 
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TMDD binding and target turnover parameters were similar to those estimated
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TMDD binding and target turnover parameters were similar to those estimated 
for omalizumab [5 6] with the elimination rate of the drug target complexfor omalizumab [5,6] with the elimination rate of the drug-target complex g g
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Th QSS i ti d IRM d f ti tiThe QSS approximation and IRM were used for estimation.The QSS approximation and IRM were used for estimation.
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